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Abstract. The ability to compare systems from the same domain is of central importance for their introduction into complex
applications. In the domains of named entity recognition and entity linking, the large number of systems and their orthogonal
evaluation w.r.t. measures and datasets has led to an unclear landscape regarding the abilities and weaknesses of the different
approaches. We present GERBIL—an improved platform for repeatable, storable and citable semantic annotation experiments—
and its extension since being release. GERBIL has narrowed this evaluation gap by generating concise, archivable, human- and
machine-readable experiments, analytics and diagnostics. The rationale behind our framework is to provide developers, end users
and researchers with easy-to-use interfaces that allow for the agile, fine-grained and uniform evaluation of annotation tools on
multiple datasets. By these means, we aim to ensure that both tool developers and end users can derive meaningful insights
into the extension, integration and use of annotation applications. In particular, GERBIL provides comparable results to tool
developers, simplifying the discovery of strengths and weaknesses of their implementations with respect to the state-of-the-art.
With the permanent experiment URIs provided by our framework, we ensure the reproducibility and archiving of evaluation
results. Moreover, the framework generates data in a machine-processable format, allowing for the efficient querying and post-
processing of evaluation results. Additionally, the tool diagnostics provided by GERBIL provide insights into the areas where
tools need further refinement, thus allowing developers to create an informed agenda for extensions and end users to detect the
right tools for their purposes. Finally, we implemented additional types of experiments including entity typing. GERBIL aims to
become a focal point for the state-of-the-art, driving the research agenda of the community by presenting comparable objective
evaluation results. Furthermore, we tackle the central problem of the evaluation of entity linking, i.e., we answer the question
of how an evaluation algorithm can compare two URIs to each other without being bound to a specific knowledge base. Our
approach to this problem opens a way to address the deprecation of URIs of existing gold standards for named entity recognition
and entity linking, a feature which is currently not supported by the state-of-the-art. We derived the importance of this feature
from usage and dataset requirements collected from the GERBIL user community, which has already carried out more than
24.000 single evaluations using our framework. Through the resulting updates, GERBIL now supports 8 tasks, 46 datasets and 20
systems.
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1. Introduction

Named Entity Recognition (NER) and Named En-
tity Linking/Disambiguation (NEL/D) as well as other
natural language processing (NLP) tasks play a key
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role in annotating RDF knowledge from unstructured
data. While manifold annotation tools have been de-
veloped over recent years to address (some of) the
subtasks related to the extraction of structured data
from unstructured data [21,27,39,41,43,49,53,60,63],
the provision of comparable results for these tools re-
mains a tedious problem. The issue of comparability
of results is not to be regarded as being intrinsic to
the annotation task. Indeed, it is now well established
that scientists spend between 60 and 80% of their time
preparing data for experiments [24,31,48]. Data prepa-
ration being such a tedious problem in the annota-
tion domain is mostly due to the different formats of
gold standards as well as the different data representa-
tions across reference datasets. These restrictions have
led to authors evaluating their approaches on datasets
(1) that are available to them and (2) for which writ-
ing a parser and an evaluation tool can be carried
out with reasonable effort. In addition, many differ-
ent quality measures have been developed and used
actively across the annotation research community to
evaluate the same task, creating difficulties when com-
paring results across publications on the same top-
ics. For example, while some authors publish macro-
F-measures and simply call them F-measures, others
publish micro-F-measures for the same purpose, lead-
ing to significant discrepancies across the scores. The
same holds for the evaluation of how well entities
match. Indeed, partial matches and complete matches
have been used in previous evaluations of annotation
tools [11,59]. This heterogeneous landscape of tools,
datasets and measures leads to a poor repeatability of
experiments, which makes the evaluation of the real
performance of novel approaches against the state-of-
the-art rather difficult.

Thus, we present GERBIL—a general framework
for benchmarking semantic entity annotation systems
which introduces a platform and a software for compa-
rable, archivable and efficient semantic annotation ex-
periments fostering a more efficient and effective com-
munity.1

In the rest of this paper, we explain the core princi-
ples which we followed to create GERBIL and detail
our new contributions. Thereafter, we present the state-
of-the-art in benchmarking Named Entity Recognition,
Typing and Linking. In Section 4, we present the GER-
BIL framework. We focus in particular on the provided

1This paper is a significant extension of [65] including the
progress of the GERBIL project since its initial release in 2015.

features such as annotators, datasets, metrices and the
evaluation processes including our new approach to
match URIs. We then present an evaluation of the
framework by indirectly qualifying the interaction of
the community with our platform since its release. We
conclude with a discussion of the current state of GER-
BIL and a presentation of future work. More informa-
tion can be found at our project webpage http://
gerbil.aksw.org and at the code repository page
https://github.com/AKSW/gerbil. The on-
line version of GERBIL can be accessed at http:
//gerbil.aksw.org/gerbil.

2. Principles

Insights into the difficulties of current evaluation se-
tups have led to a movement towards the creation of
frameworks to ease the evaluation of solutions that
address the same annotation problem, see Section 3.
GERBIL is a community-driven effort to enable the
continuous evaluation of annotation tools. Our ap-
proach is an open-source, extensible framework that
allows an evaluation of tools against (currently) 20 dif-
ferent annotators on 12 different datasets in 6 different
experiment types. By integrating such a large number
of datasets, experiment types and frameworks, GER-
BIL allows users to evaluate their tools against other
semantic entity annotation systems (short: entity anno-
tation systems) by using the same setting, leading to
fair comparisons based on the same measures. Our ap-
proach goes beyond the state-of-the-art in several re-
spects:

– Repeatable settings: GERBIL provides persistent
URLs for experimental settings. Hence, by using
GERBIL for experiments, tool developers can en-
sure that the settings for their experiments (mea-
sures, datasets, versions of the reference frame-
works, etc.) can be reconstructed in a unique man-
ner in future works.

– Archivable experiments: Through experiment
URLs, GERBIL also addresses the problem of
archiving experimental results and allows end
users to gather all pieces of information required
to choose annotation frameworks for practical ap-
plications.

– Open software and service: GERBIL aims to be
a central repository for annotation results without
being a central point of failure: While we make
experiment URLs available, we also provide users

http://gerbil.aksw.org
http://gerbil.aksw.org
https://github.com/AKSW/gerbil
http://gerbil.aksw.org/gerbil
http://gerbil.aksw.org/gerbil
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directly with their results to ensure that they use
them locally without having to rely on GERBIL.

– Leveraging RDF for storage: The results of
GERBIL are published in a machine-readable for-
mat. In particular, our use of DataID [3] and Dat-
aCube [14] to denote tools and datasets ensures
that results can be easily combined and queried
(for example to study the evolution of the per-
formance of frameworks) while the exact config-
uration of the experiments remains uniquely re-
constructable. By these means, we also tackle the
problem of reproducibility.

– Fast configuration: Through the provision of re-
sults on different datasets of different types and
the provision of results on a simple user interface,
GERBIL also provides efficient means to gain an
overview of the current performance of annota-
tion tools. This provides (1) developers with in-
sights into the type of data on which their accu-
racy needs improvement and (2) end users with
insights allowing them to choose the right tool for
the tasks at hand.

– Any knowledge base: With GERBIL we in-
troduce the notion of knowledge-base-agnostic
benchmarking of entity annotation systems through
generalized experiment types. By these means,
we allow the benchmarking of tools against refer-
ence datasets from any domain grounded in any
reference knowledge base.

To ensure that the GERBIL framework is useful to
both end users and tool developers, its architecture and
interface were designed with the following require-
ments in mind:

– Easy integration of annotators: We provide a
wrapping interface that allows annotators to be
evaluated via their HTTP interface. In particu-
lar, we integrated 15 additional annotators not
evaluated against each other in previous works
(e.g., [11]).

– Easy integration of datasets: We also provide
means to gather datasets for evaluation directly
from data services such as DataHub.2 In particu-
lar, we added 37 new datasets to GERBIL.

– Easy addition of new measures: The evaluation
measures used by GERBIL are implemented as in-
terfaces. Thus, the framework can be easily ex-
tended with novel measures devised by the anno-
tation community.

2http://datahub.io

– Extensibility: GERBIL is provided as an open-
source platform3 that can be extended by mem-
bers of the community both to new tasks and dif-
ferent purposes.

– Diagnostics: The interface of the tool was de-
signed to provide developers with means to easily
detect aspects in which their tool(s) need(s) to be
improved.

– Portability of results: We generate human- and
machine-readable results to ensure maximum
usefulness and portability of the results generated
by our framework.

After the release of GERBIL and several hundred ex-
periments, a list of drawbacks of current datasets stated
by GERBIL’s community and developers led to re-
quirements for further development of the platform. In
particular, the requirements pertained to:

– Entity Matching. The comparison of two strings
representing entity URIs is not sufficient to de-
termine whether an annotator has linked an entity
correctly. For example, the two URIs http:
//dbpedia.org/resource/Berlin
and http://en.wikipedia.org/wiki/
Berlin stand for the same real-world object.
Hence, the result of an annotation system should
be marked as true positive if it generates any
of these two URIs to signify the corresponding
real-world object. The need to address this
drawback of current datasets (which only provide
one of these URIs) is amplified by the diversity
of annotators and the corresponding diversity of
knowledge bases (KB) on which they rely.

– Deprecated entities in datasets. Most of the gold
standards in the NER and NED research area have
not been updated after their first creation. Thus,
the URIs they rely on have remained static over
the years while the underlying KBs may have
been refined or changed. This leads to some URIs
in a gold standard being deprecated. As in the
first requirement, there is hence a need to provide
means to assess a result as true positive when the
URI generated by a framework is a novel URI
which corresponds to the deprecated URI.

– New tasks and Adapters GERBIL was requested
for use in the two OKE challenges in 2015 and

3Available at http://gerbil.aksw.org.

http://datahub.io
http://dbpedia.org/resource/Berlin
http://dbpedia.org/resource/Berlin
http://en.wikipedia.org/wiki/Berlin
http://en.wikipedia.org/wiki/Berlin
http://gerbil.aksw.org
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2016.4,5 Thus, we implemented corresponding
tasks and supported the execution of each re-
spective campaign. Additionally, we added sev-
eral state-of-the-art annotators and datasets upon
community request.

Finally, GERBIL was designed primarily for bench-
marking entity annotation tools with the aim of ensur-
ing repeatable and archiveable experiments in compli-
ance with the FAIR principles [67]. Table 1 depicts the
details of GERBIL’s implementation of the FAIR prin-
ciples.

3. Related Work

Named Entity Recognition and Entity Linking have
gained significant momentum with the growth of
Linked Data and structured knowledge bases. Over the
past few years, the problem of result comparability has
thus led to the development of a handful of frame-
works.

The BAT-framework [11] is designed to facilitate
the benchmarking of NER, NEL/D and concept tag-
ging approaches. BAT compares seven existing entity
annotation approaches using Wikipedia as reference.
Moreover, it defines six different task types, five dif-
ferent matchings and six evaluation measures provid-
ing five datasets. Rizzo et al. [53] present a state-of-
the-art study of NER and NEL systems for annotating
newswire and micropost documents using well-known
benchmark datasets, namely CoNLL2003 and Micro-
posts 2013 for NER as well as AIDA/CoNLL and Mi-
croposts2014 [4] for NED. The authors propose a com-
mon schema, named the NERD ontology,6 to align
the different taxonomies used by various extractors.
To tackle the disambiguation ambiguity, they propose
a method to identify the closest DBpedia resource by
(exact-)matching the entity mention. Recently, Chen
et al. [8] published EUEF, the easy-to-use evalua-
tion framework which addresses three more challenges
as opposed to the standard GERBIL algorithm. First,
EUEF introduces a new matching metric based on
fuzzy matching to account for annotator mistakes. Sec-
ond, the framework introduces a new methodology for
handling NIL annotations. Third, Chen et al.’s frame-

4https://github.com/anuzzolese/oke-
challenge

5https://github.com/anuzzolese/oke-
challenge-2016

6http://nerd.eurecom.fr/ontology

work analyzes sub-components of NER/NED systems.
However, EUEF only includes three systems and seven
datasets and is not yet open source or online available.
Ling et al. [35] recently presented a good overview and
comparison of NEL systems together with their VIN-
CULUM system. VINCULUM is not part of GERBIL
as it does not provide a public endpoint.

Over the course of the last 25 years several chal-
lenges, workshops and conferences dedicated them-
selves to the comparable evaluation of information ex-
traction (IE) systems. Starting in 1993, the Message
Understanding Conference (MUC) introduced a first
systematic comparison of information extraction ap-
proaches [62]. Ten years later, the Conference on Com-
putational Natural Language Learning (CoNLL) of-
fered the beginnings of a shared task on named en-
tity recognition and published the CoNLL corpus [57].
In addition, the Automatic Content Extraction (ACE)
challenge [17], organized by NIST, evaluated several
approaches but was discontinued in 2008. Since 2009,
the text analytics conference has hosted the work-
shop on knowledge base population (TAC-KBP) [38]
where mainly linguistic-based approaches are pub-
lished. The Senseval challenge, originally concerned
with classical NLP disciplines, widened its focus in
2007 and changed its name to SemEval to account
for the recently recognized impact of semantic tech-
nologies [32]. The Making Sense of Microposts work-
shop series (#Microposts) established in 2013 an entity
recognition and in 2014 an entity linking challenge fo-
cusing on tweets and microposts [56]. In 2014, Carmel
et al. [6] introduced one of the first Web-based evalua-
tion systems for NER and NED and the centerpiece of
the entity recognition and disambiguation (ERD) chal-
lenge. Here, all frameworks are evaluated against the
same unseen dataset and provided with corresponding
results.

GERBIL goes beyond the state-of-the-art by ex-
tending the BAT-framework as well as [53] enhanc-
ing reproducibility, diagnostics and publishability of
entity annotation systems. In particular, we provide
37 additional datasets and 15 additional annotators.
The framework addresses the lack of treatment of
NIL values within the BAT-framework and provides
more wrapping approaches for annotators and datasets.
Moreover, GERBIL provides persistent URLs for ex-
periment results, unique URIs for frameworks and
datasets, a machine-readable output and automatic
dataset updates from data portals. Thus, it allows for a
holistic comparison of existing annotators while sim-
plifying the archiving of experimental results. More-

https://github.com/anuzzolese/oke-challenge
https://github.com/anuzzolese/oke-challenge
https://github.com/anuzzolese/oke-challenge-2016
https://github.com/anuzzolese/oke-challenge-2016
http://nerd.eurecom.fr/ontology
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Table 1
FAIR principles and how GERBIL addresses each of them.

To be Findable

F1. (meta)data are assigned a globally unique and persistent identifier Unique W3ID URIs per experiment
F2. data are described with rich metadata (defined by R1 below) Experimental configuration as RDF
F3. metadata clearly and explicitly include the identifier of the data it
describes

Relates via RDF

F4. (meta)data are registered or indexed in a searchable resource batch-updated SPARQL endpoint:
http://gerbil.aksw.org/sparql

To be Accessible

A1. (meta)data are retrievable by their identifier using a standardized
communications protocol

HTTP (with JSON-LD as data format)

A1.1 the protocol is open, free, and universally implementable HTTP is an open standard
A1.2 the protocol allows for an authentication and authorization proce-
dure, where necessary

Not necessary, see GERBIL disclaimer

A2. metadata are accessible, even when the data are no longer available Each experiment is archived

To be Interoperable

I1. (meta)data use a formal, accessible, shared, and broadly applicable
language for knowledge representation

RDF, DataID, DataCube

I2. (meta)data use vocabularies that follow FAIR principles Community-based, open vocabularies
I3. (meta)data include qualified references to other (meta)data Datasets are described using DataID

To be Reusable

R1. meta(data) are richly described with a plurality of accurate and rel-
evant attributes

Experiment measures have been chosen in a community process

R1.1. (meta)data are released with a clear and accessible data usage
license

GERBIL is implemented by LGPL-3.0

R1.2. (meta)data are associated with detailed provenance Provenance is added to each machine-readable experiment data
R1.3. (meta)data meet domain-relevant community standards GERBIL covers a superset of domain-relevant data

over, our framework offers opportunities for the fast
and simple evaluation of entity annotation system pro-
totypes via novel NIF-based [26] interfaces, which are
designed to simplify the exchange of data and binding
of services.

4. The GERBIL Framework

4.1. Architecture Overview

GERBIL abides by a service-oriented architecture
driven by the model-view-controller pattern (see Fig-
ure 1). Entity annotation systems, datasets and config-
urations, such as, experiment type, matching or mea-
sure are implemented as controller interfaces easily
pluggable to the core controller. The output of exper-
iments as well as descriptions of the various compo-
nents are stored in a serverless database for fast de-
ployment. Finally, the view component displays con-

figuration options and respectively renders experiment
results delivered by the main controller communica-
tion with the diverse interfaces and database.

4.2. Features

Experiments run in our framework can be config-
ured in several manners. In the following, we present
some of the most important parameters of experiments
available in GERBIL.

4.2.1. Experiment types
An experiment type defines the problem that has

to be solved by the benchmarked system. Cornolti et
al.’s [11] BAT-framework offers six different exper-
iment types, namely (scored) annotation (S/A2KB),
disambiguation (D2KB)—also known as linking—
and (scored respectively ranked) concept annotation
(S/R/C2KB) of texts. In [53], the authors propose two
types of experiments, highlighting the strengths and

http://gerbil.aksw.org/sparql
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Web service calls

Datasets

Web service calls

Interface

Interface

Annotators
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Configuration
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Benchmark Core

Your 
Annotator

Your Dataset

Fig. 1. Overview of GERBIL’s abstract architecture. Interfaces to users and providers of datasets and annotators are marked in blue.

weaknesses of the analyzed systems. Thereby, per-
forming i) entity recognition, i.e., the detection of the
exact match of the pair entity mention and type (e.g.,
detecting the mention Barack Obama and typing it as a
Person), and ii) entity linking, where an exact match of
the mention is given and the associated DBpedia URI
has to be linked (e.g., locating a resource in DBpe-
dia which describes the mention Barack Obama). This
work differs from the previous one in its entity recog-
nition experimentation, and annotation of entities to a
RDF knowledge base.

GERBIL merges the six experiments provided by the
BAT-framework to three experiment types by a gen-
eral handling of scored annotations. These experiment
types are further extended by the idea to not only link
to Wikipedia but to any knowledge base K. One ma-
jor formal update of the measures in GERBIL is that
in addition to implementing experiment types from
previous frameworks, it also measures the influence
of emerging entities (EEs or NIL annotations), i.e.,
the linking of entities that are recognized as such but
cannot be linked to any resource from the reference
knowledge base K. For example, the string “Ricardo
Usbeck” can be recognized as a person name by sev-
eral tools but cannot be linked to Wikipedia/DBpedia,
as it does not have a URI in these reference datasets.
Our framework extends the experiment types of [11] as
follows: Let m = (s, l, d, c) ∈ M denote an entity men-
tion in document d ∈ D with start position s, length l
and confidence score c ∈ [0, 1]. Note that some frame-

works might not return (1) a position s or a length l for
a mention, in which case we set s = 0 and l = 0; (2) a
score c, in which case we set c = 1.

We implement 8 types of experiments:

1. Entity Recognition: In this task the entity men-
tions need to be extracted from a document set D.
To this end, an extraction function ex : D → 2M

must be computed.
2. D2KB: The goal of this experiment type is to

map a set of given entities mentions (i.e., a subset
µ ⊆ M) to entities from a given knowledge base
or to NIL. Formally, this is equivalent to finding
a mapping a : µ → K ∪ {NIL}. In the classical
setting for this task, the start position, the length
and the score of the mentions mi are not taken
into consideration.

3. Entity Typing: The typing task is similar to the
D2KB task. Its goal is to map a set of given en-
tities mentions µ to the type hierarchy of K. This
task uses the hierarchical F-measure to evaluate
the types returned by the annotation system us-
ing the expected types of the gold standard and
the type hierarchy of K.

4. C2KB: The concept tagging task C2KB aims to
detect entities when given a document. Formally,
the tagging function tag simply returns a subset
of K for each input document d.

5. A2KB: This task is the classical NER/D task,
that is, a combination of the Entity Recognition
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and D2KB tasks. Thus, an A2KB annotation sys-
tem receives the document set D, has to identify
entities mentions µ and link them to K.

6. RT2KB: This task is the combincation of the En-
tity Recognition and Typing tasks, i.e., the goal
is to identify entities in a given document set D
and map them to the types of K.

7. OKE 2015 Task1: The first task of the OKE
Challenge 2015 [47] comprises Entity Recogni-
tion, Entity Typing and D2KB.

8. OKE 2015 Task2: The goal of the second task
of the OKE Challenge 2015 [47] is to extract the
part of the text that contains the type of a given
entity mention and link it to the type hierarchy of
K.

With this extension, our framework can now deal
with gold standard datasets and annotators that link
to any knowledge base, e.g., DBpedia, BabelNet [44]
etc., as long as the necessary identifiers are URIs. We
were thus able to implement 37 new gold standard
datasets, cf. Section 4.4, and 15 new annotators link-
ing entities to any knowledge base instead of solely
to Wikipedia, as in previous works, cf. Section 4.3.1.
With this extensible interface, GERBIL can be ex-
tended to deal with supplementary experiment types,
e.g., entity salience [11], word sense disambiguation
(WSD) [43] and relation extraction [59]. These cate-
gories of experiment types will be added to GERBIL in
following versions.

4.2.2. Matching
A matching defines which conditions the result of

an annotator has to fulfill to be a correct result, i.e.,
to match an annotation of the gold standard. An anno-
tation has either a position, a meaning (i.e., a linked
entity or a type) or both. Therefore, we can define an
annotation a = (s, l, d, u) with a start position s and
a length l as defined above. d is the document the an-
notation belongs to and u is a URI linking to an entity
or the type of an entity (depending on the experiment
type).

The first matching type Me used for the C2KB ex-
periments is the strong entity matching. This matching
does not rely on positions and takes only the URIs u
into account. Following this matching, a single anno-
tation a = (s, l, d, u) returned by the annotator is cor-
rect if it matches exactly with one of the annotations
a′ = (s′, l′, d, u′) in the gold standard a′ ∈ G(d) of

d [11]. Formally,

Me(a, a′) =

{
1 iff u = u′,

0 else.
(1)

For the D2KB experiments, matching is expanded to
strong annotation matching Ma and includes the cor-
rect position of the entity mention inside the document:

Ma(m,G) =


1 iff u = u′ ∧ s = s′

∧l = l′,
0 else.

(2)

The strong annotation matching can also be used
for A2KB and Sa2KB experiments. However, in prac-
tice this exact matching can be misleading. A docu-
ment can contain a gold standard named entity, such
as, “President Barack Obama” while the result of an
annotator only marks “Barack Obama” as named en-
tity. Using an exact matching leads to weighting this
result as wrong while a human might rate it as cor-
rect. Therefore, the weak annotation matching Mw re-
laxes the conditions of the strong annotation matching.
Thus, a correct annotation has to be linked to the same
entity and must overlap the annotation of the gold stan-
dard:

Mw(m,G) =



1 iff u = u′

∧((s ≤ s′ ∧ e ≤ e′ ∧ s′ < e)
∨(s ≥ s′ ∧ e ≥ e′ ∧ s < e′)
∨(s ≤ s′ ∧ e ≥ e′)
∨(s ≥ s′ ∧ e ≤ e′))

0 else
(3)

where e = s + l and e′ = s′ + l′.
However, the evaluation of whether two given

meanings are matching each other is more challenging
than the expression u = u′ reveals. The comparison of
two strings representing entity URIs might look like
a solution for this problem. However, in practice, this
simple approach has limitations. These limitations are
mainly caused by the various ways in which the anno-
tators express their annotation. Some systems use DB-
pedia [34] URIs or IRIs while other systems annotate
documents with Wikipedia IDs or article titles. Addi-
tionally, in most cases the versions of the KBs used
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to create datasets are diverging from the versions an
annotator relies on.

The key insight behind the solution to this problem
in GERBIL is simply to use URIs to represent mean-
ings. We provide an enhanced entity matching which
comprises the four steps (1) URI set retrieval, (2) URI
checking, (3) URI set classification, and (4) URI set
matching, see Figure 2.

URI set retrieval. Since an entity can be described in
several KBs using different URIs and IRIs, GERBIL as-
signs a set of URIs to a single annotation representing
the semantic meaning of this annotation. Initially, this
set contains the single URI that has been loaded from
the dataset or read from an annotators response. The
set is expanded by crawling the Semantic Web graph
using owl:sameAs links as well as redirects. These
links are retrieved using different modules that are cho-
sen based on the domain of the URI. The general ap-
proach we implemented de-references the given URI
and tries to parse the returned triples. Although this ap-
proach works with every KB, we offer a module for the
DBpedia URIs that can transform them into Wikipedia
URIs and vice versa. Additionally, we implemented a
Wikipedia API client module that can retrieve redirects
for Wikipedia URIs. Moreover, one module can han-
dle common errors like wrong domain names, e.g., the
usage of DBpedia.org instead of dbpedia.org,
and the transformation from an IRI into a URI and vice
versa. The expansion of the set stops if all URIs in the
set have been crawled and no new URI could be added.

URI checking. While the development of annotators
moves on, many datasets were created years ago using
versions of KBs that are redundant. This is an impor-
tant issue that cannot be solved automatically unless
the datasets refer to their old versions, which is in prac-
tice rarely the case. We try to minimize the influence
of outdated URIs by checking every URI for its exis-
tence. If a URI cannot be dereferenced, it is marked
as outdated. However, this is only possible for URIs
of KBs that abide by the Linked Data principles and
provide de-referencable URIs, e.g., DBpedia.

URI set classification. All entities can be separated
into two classes [29]. The class CKB comprises all en-
tities that are present inside at least one KB. In con-
trast, emerging entities are not present in any KB and
form the second class CEE . A URI set S is classified
as S ∈ CKB if it contains at least one URI of a pre-
defined KB’s namespace. Otherwise it is classified as
S ∈ CEE .

URI set matching. The final step of checking whether
two entities are matching each other is to check
whether their two URI sets are matching. There are
two cases in which two URI sets S 1 and S 2 are match-
ing.

(S 1 ∈ CKB) ∧ (S 2 ∈ CKB) ∧ (S 1 ∩ S 2 6= ∅) (4)

(S 1 ∈ CEE) ∧ (S 2 ∈ CEE) (5)

In the first case, both sets are assigned to the CKB class
and the sets are overlapping while in the second case,
both sets are assigned to the CEE class. Note that in
the case of emerging entities, it does not make sense to
check whether both sets are overlapping, since most of
the URIs of these entities are synthetically generated.

Limitations. This entity matching has two known
drawbacks. First, wrong links between KBs can lead
to a wrong URI set. The following example shows
that because of a wrong linkage between DBpedia and
data.nytimes.com, Japan and Armenia are the
same:7

dbr:Japan owl:sameAs
nyt:66220885916538669281 .

nyt:66220885916538669281 owl:sameAs
dbr:Armenia .

Second, the URI set retrieval as well as the URI
checking cause a huge communication effort. Since
our implementation of this communication is consid-
erate of the KB endpoints by inserting delays between
the single requests, these steps slow down the evalua-
tion. However, our future developments will attempt to
reduce this drawback.

4.2.3. Measures
GERBIL comes with six measures subdivided into

two groups derived from the BAT-framework, namely
the micro- and the macro-group of precision, recall and
f-measure. For a more detailed analysis of the anno-
tator performance, we implemented the possibility to
add new metrics to the evaluation, e.g., runtime mea-
surements. Moreover, we added different performance
measures that focus on specific parts of the tasks. Be-
side the general micro and macro precision, recall and
f1-measure, GERBIL offers three other measures that
take the classification of the entities into account. Ta-

7dbr is the prefix for http://dbpedia.org/resource/,
owl is the prefix for http://www.w3.org/2002/07/owl#
and nyt is the prefix for http://data.nytimes.com/.

data.nytimes.com
http://dbpedia.org/resource/
http://www.w3.org/2002/07/owl#
http://data.nytimes.com/
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Fig. 2. Schema of the four components of the entity matching process.

Table 2

The different classification cases that can occur during the evalua-
tion. A dash means that there is no URI set that could be used for
the matching. A tick shows that this case is taken into account while
calculating the measure.

Dataset Annotator Normal InKB EE GSInKB

S 1 ∈ KB S 2 ∈ KB 3 3 3

S 1 ∈ KB S 2 /∈ KB 3 3 3 3

S 1 ∈ KB — 3 3 3

S 1 /∈ KB S 2 ∈ KB 3 3 3

S 1 /∈ KB S 2 /∈ KB 3 3

S 1 /∈ KB — 3 3

— S 2 ∈ KB 3 3

— S 2 /∈ KB 3 3

ble 2 shows the different cases that can occur when sets
of URIs are compared.

While all cases are taken into account for the nor-
mal measures, the InKB measures focus on those cases
in which either the URI set of the dataset or the URI
set of the annotator are classified as S ∈ CKB. The
same holds for the EE measures and the CEE class.
Both measures can be used to check the performance
of one of these two classes. The GSInKB measures are
only calculated for NED experiments (D2KB). These
measures can be used to assess the performance of an
annotator as if there were no emerging entities inside
the dataset, e.g., if the annotation system is not capable
of handling these entities.

4.3. Improved Diagnostics

To support the development of new approaches, we
implemented additional diagnostic capabilities such as
the calculation of correlations of dataset features and
annotator performance [64]. In particular, we calculate
the Spearman correlation between document attributes
(e.g., number of persons) and performance (i.e., F-
measure) to quantify how the first variable affects the
second. Figure 3 shows the correlation between the
performance of systems and selected features of the

datasets. This can help determine strengths and weak-
nesses of the different approaches.

Fig. 3. Absolute correlation values of the annota-
tors’ Micro F1-scores and the dataset features for
the A2KB experiment and weak annotation match
(http://gerbil.aksw.org/gerbil/overview, Date:
23.06.2017).

4.3.1. Annotators
GERBIL aims to reduce the amount of work required

to compare existing as well as novel annotators in a
comprehensive and reproducible way. To this end, we
provide two main approaches to evaluating entity an-
notation systems with GERBIL.

1. BAT-framework Adapter
In BAT, annotators can be implemented by wrap-
ping using a Java-based interface. GERBIL also
offers an adapter so the wrappers of the BAT-
framework can be reused easily. Due to the com-

http://gerbil.aksw.org/gerbil/overview
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munity effort behind GERBIL, we could raise the
number of published annotators from 5 to 20.
We investigated the effort to implement a BAT-
framework adapter in contrast to evaluation ef-
forts done without a structured evaluation frame-
work in Section 5.

2. NIF-based Services: GERBIL implements means
to understand NIF-based [26] communication
over web-service in two ways. First, if the
server-side implementation of annotators under-
stands NIF-documents as input and output for-
mat, GERBIL and the framework can simply ex-
change NIF-documents.8 Thus, novel NIF-based
annotators can be deployed efficiently into GER-
BIL and use a more robust communication format
compared to the amount of work necessary for
deploying and writing a BAT-framework adapter.
Second, if developers do not want to publish
their APIs or write source code, GERBIL offers
the possibility for NIF-based webservices to be
tested online by providing their URI and name
only.9 GERBIL does not store these connections
in terms of API keys or URLs but still offers the
opportunity of persistent experiment results.

Currently, GERBIL offers 20 entity annotation sys-
tems with a variety of features, capabilities and ex-
periments. In the following, we present current state-
of-the-art approaches both available or unavailable in
GERBIL.

1. Cucerzan: As early as in 2007, Cucerzan pre-
sented a NED approach based on Wikipedia [13].
The approach tries to maximize the agreement
between contextual information of input text
and a Wikipedia page as well as category tags
on the Wikipedia pages. The test data is still
available10 but since we can safely assume that
the Wikipedia page content has changed sub-
stantially since 2006, we do not use it in our
framework, nor are we aware of any publication
reusing this data. Furthermore, we were not able
to find a running webservice or source code for
this approach.

8We describe the exact requirements for the structure of the NIF
document on our project website’s wiki, as NIF offers several ways
to build a NIF-based document or corpus.

9http://gerbil.aksw.org/gerbil/config
10http://research.microsoft.com/en-us/um/

people/silviu/WebAssistant/TestData/

2. Wikipedia Miner: This approach was intro-
duced in [41] in 2008 and is based on differ-
ent facts like prior probabilities, context relat-
edness and quality, which are then combined
and tuned using a classifier. The authors eval-
uated their approach based on a subset of the
AQUAINT dataset.11 They provide the source
code for their approach as well as a webservice12

which is available in GERBIL.
3. Illinois Wikifier: In 2011, [9,51] presented

an NED approach for entities from Wikipedia.
In this article, the authors compare local ap-
proaches, e.g., using string similarity, with global
approaches, which use context information and
lead finally to better results. The authors provide
their datasets13 as well as their software “Illinois
Wikifier”14 online. Since “Illinois Wikifier” is
currently only available as local binary and GER-
BIL is solely based on webservices we excluded
it from GERBIL for the sake of comparability and
server load.

4. DBpedia Spotlight: One of the first semantic ap-
proaches [15] was published in 2011, combining
NER and NED approaches based on DBpedia.15

Based on a vector-space representation of enti-
ties and using the cosine similarity, this approach
has a public (NIF-based) webservice16 as well as
its online available evaluation dataset.17

5. AIDA: The AIDA approach [27] relies on co-
herence graph building and dense subgraph algo-
rithms and is based on the YAGO218 knowledge
base. Although the authors provide their source
code, a webservice and their dataset, which is a
manually annotated subset of the 2003 CoNLL
share task [57], GERBIL will not use the webser-
vice since it is not stable enough for regular repli-

11http://www.nist.gov/tac/data/data_desc.
html#AQUAINT

12http://wikipedia-miner.cms.waikato.ac.nz/
13http://cogcomp.cs.illinois.edu/page/

resource_view/4
14http://cogcomp.cs.illinois.edu/page/

software_view/33
15https://github.com/dbpedia-spotlight/

dbpedia-spotlight/wiki/Known-uses
16https://github.com/dbpedia-spotlight/

dbpedia-spotlight/wiki/Web-service
17http://wiki.dbpedia.org/spotlight/

isemantics2011/evaluation
18http://www.mpi-inf.mpg.de/yago-naga/yago/

http://gerbil.aksw.org/gerbil/config
http://research.microsoft.com/en-us/um/people/silviu/WebAssistant/TestData/
http://research.microsoft.com/en-us/um/people/silviu/WebAssistant/TestData/
http://www.nist.gov/tac/data/data_desc.html#AQUAINT
http://www.nist.gov/tac/data/data_desc.html#AQUAINT
http://wikipedia-miner.cms.waikato.ac.nz/
http://cogcomp.cs.illinois.edu/page/resource_view/4
http://cogcomp.cs.illinois.edu/page/resource_view/4
http://cogcomp.cs.illinois.edu/page/software_view/33
http://cogcomp.cs.illinois.edu/page/software_view/33
https://github.com/dbpedia-spotlight/dbpedia-spotlight/wiki/Known-uses
https://github.com/dbpedia-spotlight/dbpedia-spotlight/wiki/Known-uses
https://github.com/dbpedia-spotlight/dbpedia-spotlight/wiki/Web-service
https://github.com/dbpedia-spotlight/dbpedia-spotlight/wiki/Web-service
http://wiki.dbpedia.org/spotlight/isemantics2011/evaluation
http://wiki.dbpedia.org/spotlight/isemantics2011/evaluation
http://www.mpi-inf.mpg.de/yago-naga/yago/
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cation purposes at the time of this publication.19

That is, the AIDA team discourages its use be-
cause they constantly switch the underlying en-
tity repository, and tune parameters.

6. TagMe 2: TagMe 2 [21] was published in 2012
and is based on a directory of links, pages and
an inlink graph from Wikipedia. The approach
recognizes named entities by matching terms
with Wikipedia link texts and disambiguates
the match using the in-link graph and page
dataset. Afterwards, TagMe 2 prunes the iden-
tified named entities considered non-coherent
to the rest of the named entities in the input
text. The authors publish a key-protected web-
service20 as well as their datasets21 online. The
source code, licensed under Apache 2 licence can
be obtained directly from the authors. However,
the datasets comprise only fragments of 30 words
and even less of full documents and will not be
part of the current version of GERBIL.

7. NERD-ML: In 2013, [20] proposed an approach
for entity recognition tailored for extracting en-
tities from tweets. The approach relies on a ma-
chine learning classification of the entity type
which uses a) a given feature vector composed
of a set of linguistic features, b) the output of
a properly trained Conditional Random Fields
classifier and c) the output of a set of off-the-
shelf NER extractors supported by the NERD
Framework. The follow-up, NERD-ML [53], im-
proved the classification task by re-designing the
selection of features. The authors assessed the
NERD-ML’s performance on both microposts
and newswire domains. NERD-ML has a public
webservice which is part of GERBIL.22

8. KEA NER/NED: This approach is the succes-
sor of the approach introduced in [60], which is
based on a fine-granular context model taking
into account heterogeneous text sources as well
as text created by automated multimedia analy-
sis. The source texts can have different levels of
accuracy, completeness, granularity and reliabil-
ity, all of which influence the determination of
the current context. Ambiguity is solved by se-

19https://www.mpi-inf.mpg.de/departments/
databases-and-information-systems/research/
yago-naga/aida/

20http://tagme.di.unipi.it/
21http://acube.di.unipi.it/tagme-dataset/
22http://nerd.eurecom.fr

lecting entity candidates with the highest level of
probability according to the predetermined con-
text. The new implementation begins with the de-
tection of groups of consecutive words (n-gram
analysis) and a lookup of all potential DBpedia
candidate entities for each n-gram. The disam-
biguation of candidate entities is based on a scor-
ing cascade. KEA is available as a NIF-based
webservice.23

9. WAT: WAT is the successor of TagME [21].24

The new annotator includes a re-design of all
TagME components, namely, the spotter, the dis-
ambiguator, and the pruner. Two disambiguation
families were newly introduced: graph-based al-
gorithms for collective entity linking based and
vote-based algorithms for local entity disam-
biguation (based on the work of Ferragina et
al. [21]). The spotter and the pruner can be tuned
using SVM linear models. Additionally, the li-
brary can be used as a D2KB-only system by
feeding appropriate mention spans to the system.

10. Dexter: This approach [7] is an open-source im-
plementation of an entity disambiguation frame-
work. The system was adopted to simplify the
implementation of an entity linking approach and
allows the replacement of single parts of the pro-
cess. The authors used several state-of-the-art
disambiguation methods. Results in this paper
are obtained using an implementation of the orig-
inal TagMe disambiguation function. Moreover,
Ceccarelli et al. provide the source code25 as well
as a webservice.

11. AGDISTIS: This approach [63] is a pure en-
tity disambiguation approach (D2KB) based on
string similarity measures, an expansion heuris-
tic for labels to cope with co-referencing and the
graph-based HITS algorithm. The authors pub-
lished datasets26 along with their source code and
an API.27 AGDISTIS can only be used for the
D2KB task.

12. Babelfy: The core of this approach draws on the
use of random walks and a densest subgraph al-
gorithm to tackle the word sense disambigua-
tion and entity linking tasks jointly in a mul-

23http://s16a.org/kea
24http://github.com/nopper/wat
25http://dexter.isti.cnr.it
26https://github.com/AKSW/n3-collection
27https://github.com/AKSW/AGDISTIS

https://www.mpi-inf.mpg.de/departments/databases-and-information-systems/research/yago-naga/aida/
https://www.mpi-inf.mpg.de/departments/databases-and-information-systems/research/yago-naga/aida/
https://www.mpi-inf.mpg.de/departments/databases-and-information-systems/research/yago-naga/aida/
http://tagme.di.unipi.it/
http://acube.di.unipi.it/tagme-dataset/
http://nerd.eurecom.fr
http://s16a.org/kea
http://github.com/nopper/wat
http://dexter.isti.cnr.it
https://github.com/AKSW/n3-collection
https://github.com/AKSW/AGDISTIS
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tilingual setting [43] thanks to the BabelNet28

semantic network [44]. Babelfy has been eval-
uated using six datasets: three from earlier Se-
mEval tasks [45,46,50], one from a Senseval
task [58] and two already used for evaluating
AIDA [27,28]. All of them are available online
and distributed throughout the Web. Addition-
ally, the authors offer a webservice that is limited
to 100 requests per day, extensible for research
purposes [42].29

13. FOX: FOX [59] is an ensemble-learning based
framework for RDF extraction from text. It
makes use of the diversity of NLP algorithms
to extract entities with a high precision and a
high recall. Moreover, it provides functionality
for keyword and relation extraction.

14. FRED: In 2015, Gangemi et al. [10] present
FRED(*), a novel machine reader based on
TagMe. FRED extends TagMe with entity typing
capabilities.

15. FREME: Also in 2015, the EU project FREME
publish their e-entity service which is based on
Conditional Random Fields for NER while NED
relies on a most-frequent-sense method. That is,
candidate entities are chosen based on a sense of
commonness within a KB.30

16. entityclassifier.eu: Dojchinovski and
Kliegr al. [18] present their approach based on
hypernyms and a Wikipedia-based entity classifi-
cation system which identifies salient words. The
input is transformed to a lower dimensional rep-
resentation keeping the same quality of output
for all sizes of input text.

17. CETUS: This approach [55] has been imple-
mented as a baseline for the second task of the
OKE challenge 2015. It uses handcrafted pat-
terns to search for entity type information. In a
second step, the type hierarchy of the YAGO on-
tology [37] is used to find a type matching the
extracted type information. A second approach
called CETUS_FOX uses FOX to retrieve the
type of the entity.

18. xLisa: Zhang and Rettinger present the x-Lisa
annotator [68] which is a three-step pipeline
based on cross-lingual Linked Data lexica to har-
ness the multilingual Wikipedia. Based on these

28http://babelnet.org
29http://babelfy.org
30https://api-dev.freme-project.eu/doc/api-

doc/full.html#/e-Entity

lexica, they calculate the mention-candidate-
similarity using n-grams. In the third step, x-
Lisa constructs an entity-mention graph using the
Normalized Google Distance as weights for page
rank.

19. DoSer: In 2016, Zwickelbauer et al. present
DoSer [69], a pure named entity linking ap-
proach which is - similiar to AGDISTIS - knowledge-
base-agnostic. First, DoSer computes seman-
tic embeddings of entities over one or multiple
knowledge bases. Second, given a set of men-
tions, DoSer calculates possible candidate URIs
using existing knowledge base surface forms or
additional indexes. Finally, DoSer calculates a
personalized page rank using the semantic em-
beddings of a disambiguation graph constructed
from links between possible candidates.

20. PBOH: This approach [23] is a pure entity dis-
ambiguation approach based on light statistics
from the English Wikipedia corpus. The authors
developed a probabilistic graphical model using
pairwise Markov Random Fields to address the
entity linking problem. They show that pairwise
co-occurrence statistics of words and entities are
enough to obtain a comparable or better perfor-
mance than heavy feature engineered systems.
They employ loopy belief propagation to per-
form inference at test time.

21. NERFGUN: The most recent NED system is
NERFGUN [25]. This approach reuses ideas
from many existing systems for collective named
entity linking. First, it uses several indexes based
on DBpedia to retrieve a set of candidate entities,
such as anchor link texts rdfs:labels and
page titles. NERFGUN proposes an undirected
probabilistic graphical model based on factor
graphs where each factor measures the suitabil-
ity of the resolution of some mention to a given
candidate. The set of features is linearly com-
bined by weights and the inference step is based
on Markov Chain Monte Carlo models.

Table 3 compares the implemented annotation sys-
tems of GERBIL and the BAT-Framework. AGDISTIS
has been in the source code of the BAT-Framework
provided by a third-party since publication of Cornolti
et al.’s initial work [11] in 2014. Nevertheless, GER-
BIL’s community effort has led to the implementation
of overall 15 new annotators as well as the aforemen-
tioned generic NIF-based annotator. The AIDA anno-
tator as well as the “Illinois Wikifier” will not be avail-

entityclassifier.eu
http://babelnet.org
http://babelfy.org
https://api-dev.freme-project.eu/doc/api-doc/full.html#/e-Entity
https://api-dev.freme-project.eu/doc/api-doc/full.html#/e-Entity
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able in GERBIL since we restrict ourselves to webser-
vices. However, these algorithms can be integrated at
any time as soon as their webservices are available.

4.4. Datasets

BAT enables the evaluation of different approaches
using the AQUAINT, MSNBC, IITB and the four
AIDA/CoNLL datasets (Train A, Train B, Test and
Complete). With GERBIL, we include several more
datasets that are depicted in Table 4 together with their
features. The table shows the huge number of differ-
ent formats preventing fast and easy benchmarking of
a new annotation system without an intermediate eval-
uation platform like GERBIL.

GERBIL includes the ACE2004 dataset from Rati-
nov et al. [51] as well as the dataset of Derczyn-
ski [16]. We provide an adapter for the Microp-
osts challenge [53] corpora from 2013 to 2016 each
consisting of a test and train dataset as well as
an additional third dataset in the years 2015 and
2016. Furthermore, we added the ERD challenge
dataset [6] consisting of queries and the four GER-
DAQ datasets [12] for entity recognition and linking
in natural language questions. Also, GERBIL includes
the Senseval 2 and 3 datasets which took place 2001
and 2004 respectively and activates them for the Entity
Recognition task only [19,40]. Moreover, we added
the UMBC dataset from 2012 by Finin et al. [22]
which was created using crowdsourcing of simple
entity annotations over Twitter microposts, and the
WSDM2012/Meij dataset [2] which describes tweets
(although these were annotated using only two an-
notators in 2012). Finally, GERBIL includes the Rit-
ter [52] dataset containing roughly 2.400 tweets anno-
tated with 10 NER classes from Freebase.

We capitalize upon the uptake of publicly available,
NIF based corpora from the recent years [54,61].31 To
this end, GERBIL implements a Java-based NIF [26]
reader and writer module which enables the loading of
arbitrary NIF document collections, as well as commu-
nication to NIF-based webservices. Additionally, we
integrated four NIF corpora, i.e., the N3 RSS-500 and
N3 Reuters-128 dataset,32 as well as the Spotlight Cor-
pus and the KORE 50 dataset.33 GERBIL supported the

31http://datahub.io/dataset?license_id=cc-
by&q=NIF

32https://github.com/AKSW/n3-collection
33http://www.yovisto.com/labs/ner-

benchmarks/

Open Knowledge Extraction Challenge in 2015 and
2016 which led to integration of the 6 datasets for OKE
Task 1 and 6 datasets for OKE Task 2.

The extensibility of datasets in GERBIL is further-
more ensured by allowing users to upload or use al-
ready available NIF datasets from DataHub. However,
GERBIL is currently only importing already available
datasets. GERBIL will regularly check whether new
corpora are available and publish them for benchmark-
ing after a manual quality assurance cycle which en-
sures their usability for the implemented configura-
tion options. Additionally, users can upload their NIF-
corpora directly to GERBIL avoiding their publication
in publicly available sources. This option allows rapid
testing of entity annotation systems with closed source
or licensed datasets.

GERBIL currently offers 12 state-of-the-art datasets,
ranging from newswire and twitter to encyclopedic
corpora of various numbers of texts and entities. Due
to license issues we are only able to provide downloads
for 31 of them directly but we provide instructions to
obtain the others on our project wiki.34

4.5. Output

GERBIL’s main aim is to provide comprehensive, re-
producible and publishable experiment results. Hence,
GERBIL’s experimental output is represented as a ta-
ble containing the results, as well as embedded JSON-
LD35 RDF data using the RDF DataCube vocabu-
lary [14]. We ensure a detailed description of each
component of an experiment as well as machine-
readable, interlinkable results following the 5-star
Linked Data principles. Moreover, we provide a per-
sistent and time-stamped URL for each experiment
that can be used for publications, as it has been done
in [23,25].

RDF DataCube is a vocabulary standard and can
be used to represent fine-grained multidimensional,
statistical data which is compatible with the Linked
SDMX [5] standard. Every GERBIL experiment is
modelled as qb:Dataset containing the individ-
ual runs of the annotators on specific corpora as
qb:Observations. Each observation features the
qb:Dimensions experiment type, matching type,
annotator, corpus, and time. The evaluation measures

34The licenses and instructions can be found at https:
//github.com/AKSW/gerbil/wiki/Licences-for-
datasets.

35http://www.w3.org/TR/json-ld/

http://datahub.io/dataset?license_id=cc-by&q=NIF
http://datahub.io/dataset?license_id=cc-by&q=NIF
https://github.com/AKSW/n3-collection
http://www.yovisto.com/labs/ner-benchmarks/
http://www.yovisto.com/labs/ner-benchmarks/
https://github.com/AKSW/gerbil/wiki/Licences-for-datasets
https://github.com/AKSW/gerbil/wiki/Licences-for-datasets
https://github.com/AKSW/gerbil/wiki/Licences-for-datasets
http://www.w3.org/TR/json-ld/
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Table 3

Overview of implemented annotator systems. Brackets indicate the existence of the implementation of the adapter but also the inability to use it
in the live system.

BAT-Framework GERBIL 1.0.0 GERBIL 1.2.5 Experiment

[41] Wikipedia Miner 3 3 (3) A2KB
[9,51] Illinois Wikifier 3 (3) 3 A2KB
[15] Spotlight 3 3 3 OKE Task 1
[27] AIDA 3 3 3 A2KB
[21] TagMe 2 3 3 3 A2KB
[53] NERD-ML 3 3 A2KB
[60] KEA 3 3 A2KB
[49] WAT 3 3 A2KB
[7] Dexter 3 3 A2KB
[63] AGDISTIS (3) 3 3 D2KB
[43] Babelfy 3 3 A2KB
[59] FOX 3 OKE Task 1
[10] FRED 3 OKE Task 1

FREME 3 OKE Task 1
[18] entityclassifier.eu 3 A2KB
[55] CETUS 3 OKE Task 2
[68] xLisa 3 A2KB
[69] DoSer 3 D2KB
[23] PBOH 3 D2KB
[25] NERFGUN 3 D2KB

NIF-based Annotator 3 3 any

offered by GERBIL as well as the error count are ex-
pressed as qb:Measures. To include further meta-
data, annotator and corpus dimension properties link
DataID [3] descriptions of the individual components.

GERBIL uses the recently proposed DataID [3]
ontology that combines VoID [1] and DCAT [36]
metadata with Prov-O [33] provenance information
and ODRL [30] licenses to describe datasets. Be-
sides metadata properties like titles, descriptions and
authors, the source files of the open datasets them-
selves are linked as dcat:Distributions, allow-
ing direct access to evaluation corpora. Furthermore,
ODRL license specifications in RDF are linked via
dc:license, potentially facilitating automatically
adjusted processing of licensed data by NLP tools. Li-
censes are further specified via dc:rights, includ-
ing citations of the relevant publications.

To describe annotators in a similar fashion, we ex-
tended DataID for services. The class Service, to be
described with the same basic properties as a dataset,
was introduced. To link an instance of a Service
to its distribution the datid:distribution prop-
erty was introduced as super property of dcat:
distribution, i.e., the specific URI at which the

service can be queried. Furthermore, Services can have
a number of datid:Parameters and datid:
Configurations. Datasets can be linked via the
datid:input or datid:output properties.

Offering such detailed and structured experimental
results opens new research avenues in terms of tool and
dataset diagnostics to increase decision makers’ ability
to choose the right settings for the right use case. Next
to individual configurable experiments, GERBIL offers
an overview of recent experiment results belonging to
the same experiment and matching type in the form
of a table as well as sophisticated visualizations,36 see
Figure 4. This allows for a quick comparison of tools
and datasets on recently run experiments without addi-
tional computational effort.

5. Evaluation

One of GERBILs main goals was to provide the com-
munity with an online benchmarking tool that provides

36http://gerbil.aksw.org/gerbil/overview

entityclassifier.eu
http://gerbil.aksw.org/gerbil/overview
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Table 4

Datasets, their formats and features. Groups of datasets, e.g., for a single challenge, have been grouped together. A ? indicates various inline or
keyfile annotation formats. The experiments follow their definition in Section 4.2

Corpus Format Experiment Topic |Documents| Avg. Entity/Doc. Avg. Words/Doc.

ACE2004 MSNBC A2KB news 57 5.37 373.9
AIDA/CoNLL CoNLL A2KB news 1393 25.07 189.7
AQUAINT ? A2KB news 50 14.54 220.5
Derczynski TSV A2KB tweets 182 1.57 20.8
ERD2014 ? A2KB queries 91 0.65 3.5
GERDAQ XML A2KB queries 992 1.72 3.6
IITB XML A2KB mixed 103 109.22 639.7
KORE 50 NIF/RDF A2KB mixed 50 2.88 12.8
Microposts2013 Microposts2013 RT2KB tweets 4265 1.11 18.8
Microposts2014 Microposts2014 A2KB tweets 3395 1.50 18.1
Microposts2015 Microposts2015 A2KB tweets 6025 1.36 16.5
Microposts2016 Microposts2015 A2KB tweets 9289 1.03 15.7
MSNBC MSNBC A2KB news 20 37.35 543.9
N3 Reuters-128 NIF/RDF A2KB news 128 4.85 123.8
N3 RSS-500 NIF/RDF A2KB RSS-feeds 500 1.00 31.0
OKE 2015 Task 1 NIF/RDF OKE Task 1 mixed 199 5.11 25.5
OKE 2015 Task 2 NIF/RDF OKE Task 2 mixed 200 3.06 28.7
OKE 2016 Task 1 NIF/RDF OKE Task 1 mixed 254 5.52 26.6
OKE 2016 Task 2 NIF/RDF OKE Task 2 mixed 250 2.83 27.5
Ritter Ritter RT2KB news 2394 0.62 19.4
Senseval 2 XML ERec mixed 242 9.86 21.3
Senseval 3 XML ERec mixed 352 5.70 14.7
Spotlight Corpus NIF/RDF A2KB news 58 5.69 28.6
UMBC UMBC RT2KB tweets 12973 0.97 17.2
WSDM2012/Meij TREC C2KB tweets 502 1.87 14.4

archivable and comparable experiment URIs. Thus, the
impact of the framework can be measured by analyz-
ing the interactions on the platform itself. Since its
first public release on the 17th October 2014 until the
20th October 2016, 3.288 experiments were started on
the platform containing more than 24.341 tasks for
annotator-dataset pairs. According to our mail corre-
spondence, we can deduce that more than 20 local in-
stallations of GERBIL exist for testing novel annotation
systems both in industry and academia. It shows in-
tensive usage of our GERBIL instance. One interesting
aspect is the usage of the different systems, especially
the heavy testing of NIF-based webservices, see Ta-
ble 5. Thus, GERBIL is a powerful evaluation tool for
developing new annotators that can be evaluated easily
by using the NIF-based interface. Moreover, GERBIL
has already been extended outside of the core devel-
oper team to foster a deeper analysis of annotation sys-
tems [66]. Finally, experiment URIs provided by GER-
BIL are referenced in over 19 papers and three of them

are using the provided stable URIs as of January 21,
2017.

Furthermore, we evaluated the amount of time that 5
experienced developers needed to write an evaluation
script for their framework and how long they needed
to evaluate their framework using GERBIL. The com-
parative times of writing an evaluation script for a sys-
tem and a single dataset compared to the time needed
to write an adapter for GERBIL were not distinguish-
able. Since GERBIL offers 32 datasets, it can speed
up the evaluation process 32-fold. That is the number
of datasets configurable after implementing their own
framework. See also Figure 5 and Usbeck et al. [65]
for more details.

6. Conclusion and Future Work

In this paper, we presented and evaluated GERBIL, a
platform for the evaluation of annotation frameworks.
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Fig. 4. Example spider diagram of recent A2KB experi-
ments with weak annotation matching derived from our online
interface (http://gerbil.aksw.org/gerbil/overview,
Date: 23.06.2017).

Table 5

Number of tasks executed per annotator. By caching results we did
not need to execute 12466 tasks but only 9906. Data taken from 15th
February 2015.

Annotator Number of Tasks

NIF-based Annotators 2519
Babelfy 958
DBpedia Spotlight 922
TagMe 2 811
WAT 787
Kea 763
Wikipedia Miner 714
NERD-ML 639
Dexter 587
AGDISTIS 443
Entityclassifier.eu NER 410
FOX 352
Cetus 1

GERBIL aims to push annotation system developers to
better quality and wider use of their frameworks. Some
of the main contributions of GERBIL include the provi-
sion of persistent URLs for reproducibility and archiv-
ing. Furthermore, we implemented a generic adaptor

Fig. 5. Comparison of effort needed to implement an adapter for an
annotation system with and without GERBIL [65].

for external datasets as well as a generic interface to
integrate remote annotator systems. The datasets avail-
able for evaluation in the previous benchmarking plat-
forms for annotation was extended by 37. Moreover,
15 novel annotators were added to the platform. The
presented, web-based frontend allows for several use
cases enabling both laymen and expert users to per-
form informed comparisons of semantic annotation
tools. The persistent URIs enhance the long term quo-
tation in the field of information extraction. GERBIL

is not just a new framework wrapping existing tech-
nology. In comparison to earlier frameworks, it tran-
scends state-of-the-art benchmarks in its capability to
consider the influence of NIL attributes and the ability
to deal with data sets and annotators that link to dif-
ferent knowledge bases. More information about GER-
BIL and its source code can be found at the project’s
website.

In the future, GERBIL will be further enhanced in-
side the HOBBIT project.37 GERBIL will be incorpo-
rated into a larger benchmarking platform that allows
a fair comparison not only of the quality but also of the
effectiveness of annotation systems. A first step in that
direction is the Open Knowledge Extraction Challenge
2017. This contains tasks that use GERBIL as a bench-
mark, measuring the quality of annotation systems ex-
ecuted directly inside the HOBBIT platform to make
sure that all participating systems are executed on the
same hardware.

Another development is the further support of de-
velopers with direct feedback, i.e., showing the anno-
tations that have been marked incorrect in the docu-
ments. This feature has not been implemented because

37http://project-hobbit.eu

http://gerbil.aksw.org/gerbil/overview
http://project-hobbit.eu
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of licensing issues. However, we think that it would be
possible to implement it without license violations for
datasets that are publicly available.

Acknowledgments. This work was supported by
the German Federal Ministry of Education and Re-
search under the project number 03WKCJ4D and the
Eurostars projects DIESEL (E!9367) and QAMEL
(E!9725) as well as the European Union’s H2020 re-
search and innovation action HOBBIT under the Grant
Agreement number 688227.

References

[1] Keith Alexander, Richard Cyganiak, Michael Hausenblas, and
Jun Zhao. Describing Linked Datasets with the VoID Vo-
cabulary. W3C Interest Group Note, 03 March 2011. URL
http://www.w3.org/TR/void/.

[2] Roi Blanco, Giuseppe Ottaviano, and Edgar Meij. Fast and
space-efficient entity linking for queries. In Xueqi Cheng,
Hang Li, Evgeniy Gabrilovich, and Jie Tang, editors, Pro-
ceedings of the Eighth ACM International Conference on Web
Search and Data Mining, WSDM 2015, Shanghai, China,
February 2-6, 2015, pages 179–188. ACM, 2015. DOI
https://doi.org/10.1145/2684822.2685317.

[3] Martin Brümmer, Ciro Baron, Ivan Ermilov, Markus Freuden-
berg, Dimitris Kontokostas, and Sebastian Hellmann. DataID:
towards semantically rich metadata for complex datasets. In
Harald Sack, Agata Filipowska, Jens Lehmann, and Sebastian
Hellmann, editors, Proceedings of the 10th International Con-
ference on Semantic Systems, SEMANTICS 2014, Leipzig, Ger-
many, September 4-5, 2014, pages 84–91. ACM, 2014. DOI
https://doi.org/10.1145/2660517.2660538.

[4] Amparo Elizabeth Cano Basave, Giuseppe Rizzo, Andrea
Varga, Matthew Rowe, Milan Stankovic, and Aba-Sah Dadzie.
Making sense of microposts (#microposts2014) named entity
extraction & linking challenge. In Matthew Rowe, Milan
Stankovic, and Aba-Sah Dadzie, editors, Proceedings of the
the 4th Workshop on Making Sense of Microposts co-located
with the 23rd International World Wide Web Conference
(WWW 2014), Seoul, Korea, April 7th, 2014., volume 1141 of
CEUR Workshop Proceedings, pages 54–60. CEUR-WS.org,
2014. URL http://ceur-ws.org/Vol-1141/
microposts2014_neel-challenge-report.pdf.

[5] Sarven Capadisli, Sören Auer, and Axel-Cyrille Ngonga
Ngomo. Linked SDMX data: Path to high fidelity statisti-
cal linked data. Semantic Web, 6(2):105–112, 2015. DOI
https://doi.org/10.3233/SW-130123.

[6] David Carmel, Ming-Wei Chang, Evgeniy Gabrilovich, Bo-
June Paul Hsu, and Kuansan Wang. Erd’14: Entity recognition
and disambiguation challenge. SIGIR Forum, 48(2):63–77,
2014. DOI https://doi.org/10.1145/2701583.
2701591.

[7] Diego Ceccarelli, Claudio Lucchese, Salvatore Orlando, Raf-
faele Perego, and Salvatore Trani. Dexter: an open source
framework for entity linking. In Paul N. Bennett, Ev-
geniy Gabrilovich, Jaap Kamps, and Jussi Karlgren, editors,

ESAIR’13, Proceedings of the Sixth International Workshop
on Exploiting Semantic Annotations in Information Retrieval,
co-located with CIKM 2013, San Francisco, CA, USA, Oc-
tober 28, 2013, pages 17–20. ACM, 2013. DOI https:
//doi.org/10.1145/2513204.2513212.

[8] Hui Chen, Baogang Wei, Yiming Li, Yonghuai Liu, and Wen-
hao Zhu. An easy-to-use evaluation framework for benchmark-
ing entity recognition and disambiguation systems. Frontiers of
Information Technology & Electronic Engineering, 18(2):195–
205, 2017. DOI https://doi.org/10.1631/FITEE.
1500473.

[9] Xiao Cheng and Dan Roth. Relational inference for wikifi-
cation. In Proceedings of the 2013 Conference on Empiri-
cal Methods in Natural Language Processing, EMNLP 2013,
18-21 October 2013, Grand Hyatt Seattle, Seattle, Washing-
ton, USA, A meeting of SIGDAT, a Special Interest Group
of the ACL, pages 1787–1796. ACL, 2013. URL http:
//aclweb.org/anthology/D/D13/D13-1184.pdf.

[10] Sergio Consoli and Diego Reforgiato Recupero. Using FRED
for named entity resolution, linking and typing for knowl-
edge base population. In Fabien Gandon, Elena Cabrio, Mi-
lan Stankovic, and Antoine Zimmermann, editors, Seman-
tic Web Evaluation Challenges - Second SemWebEval Chal-
lenge at ESWC 2015, Portorož, Slovenia, May 31 - June
4, 2015, Revised Selected Papers, volume 548 of Commu-
nications in Computer and Information Science, pages 40–
50. Springer, 2015. DOI https://doi.org/10.1007/
978-3-319-25518-7_4.

[11] Marco Cornolti, Paolo Ferragina, and Massimiliano Ciaramita.
A framework for benchmarking entity-annotation systems. In
Daniel Schwabe, Virgílio A. F. Almeida, Hartmut Glaser, Ri-
cardo A. Baeza-Yates, and Sue B. Moon, editors, 22nd In-
ternational World Wide Web Conference, WWW ’13, Rio de
Janeiro, Brazil, May 13-17, 2013, pages 249–260. Interna-
tional World Wide Web Conferences Steering Committee /
ACM, 2013. URL http://dl.acm.org/citation.
cfm?id=2488411.

[12] Marco Cornolti, Paolo Ferragina, Massimiliano Ciaramita, Ste-
fan Rüd, and Hinrich Schütze. A piggyback system for joint
entity mention detection and linking in web queries. In Jacque-
line Bourdeau, Jim Hendler, Roger Nkambou, Ian Horrocks,
and Ben Y. Zhao, editors, Proceedings of the 25th Interna-
tional Conference on World Wide Web, WWW 2016, Montreal,
Canada, April 11 - 15, 2016, pages 567–578. ACM, 2016. DOI
https://doi.org/10.1145/2872427.2883061.

[13] Silviu Cucerzan. Large-scale named entity disambiguation
based on Wikipedia data. In Jason Eisner, editor, EMNLP-
CoNLL 2007, Proceedings of the 2007 Joint Conference on
Empirical Methods in Natural Language Processing and Com-
putational Natural Language Learning, June 28-30, 2007,
Prague, Czech Republic, pages 708–716. ACL, 2007. URL
http://www.aclweb.org/anthology/D07-1074.

[14] Richard Cyganiak, Dave Reynolds, and Jeni Tennison. The
RDF Data Cube Vocabulary. W3C Recommendation, 16
January 2014. URL http://www.w3.org/TR/vocab-
data-cube/.

[15] Joachim Daiber, Max Jakob, Chris Hokamp, and Pablo N.
Mendes. Improving efficiency and accuracy in multilingual
entity extraction. In Marta Sabou, Eva Blomqvist, Tom-
maso Di Noia, Harald Sack, and Tassilo Pellegrini, editors, I-
SEMANTICS 2013 - 9th International Conference on Seman-

http://www.w3.org/TR/void/
https://doi.org/10.1145/2684822.2685317
https://doi.org/10.1145/2660517.2660538
http://ceur-ws.org/Vol-1141/microposts2014_neel-challenge-report.pdf
http://ceur-ws.org/Vol-1141/microposts2014_neel-challenge-report.pdf
https://doi.org/10.3233/SW-130123
https://doi.org/10.1145/2701583.2701591
https://doi.org/10.1145/2701583.2701591
https://doi.org/10.1145/2513204.2513212
https://doi.org/10.1145/2513204.2513212
https://doi.org/10.1631/FITEE.1500473
https://doi.org/10.1631/FITEE.1500473
http://aclweb.org/anthology/D/D13/D13-1184.pdf
http://aclweb.org/anthology/D/D13/D13-1184.pdf
https://doi.org/10.1007/978-3-319-25518-7_4
https://doi.org/10.1007/978-3-319-25518-7_4
http://dl.acm.org/citation.cfm?id=2488411
http://dl.acm.org/citation.cfm?id=2488411
https://doi.org/10.1145/2872427.2883061
http://www.aclweb.org/anthology/D07-1074
http://www.w3.org/TR/vocab-data-cube/
http://www.w3.org/TR/vocab-data-cube/


18 Roeder et al. / General Entity Annotator Benchmarking Framework

tic Systems, ISEM ’13, Graz, Austria, September 4-6, 2013,
pages 121–124. ACM, 2013. DOI https://doi.org/10.
1145/2506182.2506198.

[16] Leon Derczynski, Diana Maynard, Giuseppe Rizzo, Marieke
van Erp, Genevieve Gorrell, Raphaël Troncy, Johann Petrak,
and Kalina Bontcheva. Analysis of named entity recognition
and linking for tweets. Information Processing and Manage-
ment, 51(2):32–49, 2015. DOI https://doi.org/10.
1016/j.ipm.2014.10.006.

[17] George R. Doddington, Alexis Mitchell, Mark A. Przy-
bocki, Lance A. Ramshaw, Stephanie Strassel, and Ralph M.
Weischedel. The automatic content extraction (ACE) pro-
gram - tasks, data, and evaluation. In Proceedings of
the Fourth International Conference on Language Resources
and Evaluation, LREC 2004, May 26-28, 2004, Lisbon,
Portugal. European Language Resources Association, 2004.
URL http://www.lrec-conf.org/proceedings/
lrec2004/pdf/5.pdf.

[18] Milan Dojchinovski and Tomás Kliegr. Entityclassifier.eu:
Real-time classification of entities in text with Wikipedia. In
Hendrik Blockeel, Kristian Kersting, Siegfried Nijssen, and
Filip Zelezný, editors, Machine Learning and Knowledge Dis-
covery in Databases - European Conference, ECML PKDD
2013, Prague, Czech Republic, September 23-27, 2013, Pro-
ceedings, Part III, volume 8190 of Lecture Notes in Com-
puter Science, pages 654–658. Springer, 2013. DOI https:
//doi.org/10.1007/978-3-642-40994-3_48.

[19] Philip Edmonds and Scott Cotton. SENSEVAL-2: Overview.
In The Proceedings of the Second International Workshop on
Evaluating Word Sense Disambiguation Systems (SENSEVAL
’01), July 05-06, 2001, Toulouse, France, pages 1–5. Associa-
tion for Computational Linguistics, 2001. URL http://dl.
acm.org/citation.cfm?id=2387364.2387365.

[20] Marieke van Erp, Giuseppe Rizzo, and Raphaël Troncy. Learn-
ing with the web: Spotting named entities on the intersection
of NERD and machine learning. In Amparo Elizabeth Cano,
Matthew Rowe, Milan Stankovic, and Aba-Sah Dadzie, edi-
tors, Proceedings of the Concept Extraction Challenge at the
Workshop on ’Making Sense of Microposts’, Rio de Janeiro,
Brazil, May 13, 2013, volume 1019 of CEUR Workshop Pro-
ceedings, pages 27–30. CEUR-WS.org, 2013. URL http:
//ceur-ws.org/Vol-1019/paper_15.pdf.

[21] Paolo Ferragina and Ugo Scaiella. Fast and accurate anno-
tation of short texts with Wikipedia pages. IEEE Software,
29(1):70–75, 2012. DOI https://doi.org/10.1109/
MS.2011.122.

[22] Tim Finin, William Murnane, Anand Karandikar, Nicholas
Keller, Justin Martineau, and Mark Dredze. Annotating named
entities in twitter data with crowdsourcing. In Chris Callison-
Burch and Mark Dredze, editors, Proceedings of the 2010
Workshop on Creating Speech and Language Data with Ama-
zon’s Mechanical Turk, Los Angeles, USA, June 6, 2010, pages
80–88. Association for Computational Linguistics, 2010.
URL http://aclanthology.info/papers/W10-
0713/annotating-named-entities-in-
twitter-data-with-crowdsourcing.

[23] Octavian-Eugen Ganea, Marina Ganea, Aurélien Lucchi,
Carsten Eickhoff, and Thomas Hofmann. Probabilistic bag-of-
hyperlinks model for entity linking. In Jacqueline Bourdeau,
Jim Hendler, Roger Nkambou, Ian Horrocks, and Ben Y. Zhao,
editors, Proceedings of the 25th International Conference on

World Wide Web, WWW 2016, Montreal, Canada, April 11 -
15, 2016, pages 927–938. ACM, 2016. DOI https://doi.
org/10.1145/2872427.2882988.

[24] Yolanda Gil. Semantic challenges in getting work done, 2014.
Invited Talk at ISWC.

[25] Sherzod Hakimov, Hendrik ter Horst, Soufian Jebbara,
Matthias Hartung, and Philipp Cimiano. Combining tex-
tual and graph-based features for named entity disambigua-
tion using undirected probabilistic graphical models. In
Eva Blomqvist, Paolo Ciancarini, Francesco Poggi, and
Fabio Vitali, editors, Knowledge Engineering and Knowledge
Management - 20th International Conference, EKAW 2016,
Bologna, Italy, November 19-23, 2016, Proceedings, volume
10024 of Lecture Notes in Computer Science, pages 288–
302, 2016. DOI https://doi.org/10.1007/978-3-
319-49004-5_19.

[26] Sebastian Hellmann, Jens Lehmann, Sören Auer, and Martin
Brümmer. Integrating NLP using linked data. In Harith Alani,
Lalana Kagal, Achille Fokoue, Paul T. Groth, Chris Biemann,
Josiane Xavier Parreira, Lora Aroyo, Natasha F. Noy, Chris
Welty, and Krzysztof Janowicz, editors, The Semantic Web -
ISWC 2013 - 12th International Semantic Web Conference,
Sydney, NSW, Australia, October 21-25, 2013, Proceedings,
Part II, volume 8219 of Lecture Notes in Computer Science,
pages 98–113. Springer, 2013. DOI https://doi.org/
10.1007/978-3-642-41338-4_7.

[27] Johannes Hoffart, Mohamed Amir Yosef, Ilaria Bordino, Ha-
gen Fürstenau, Manfred Pinkal, Marc Spaniol, Bilyana Taneva,
Stefan Thater, and Gerhard Weikum. Robust disambiguation
of named entities in text. In Proceedings of the 2011 Con-
ference on Empirical Methods in Natural Language Process-
ing, EMNLP 2011, 27-31 July 2011, John McIntyre Confer-
ence Centre, Edinburgh, UK, A meeting of SIGDAT, a Special
Interest Group of the ACL, pages 782–792. ACL, 2011. URL
http://www.aclweb.org/anthology/D11-1072.

[28] Johannes Hoffart, Stephan Seufert, Dat Ba Nguyen, Martin
Theobald, and Gerhard Weikum. KORE: keyphrase overlap
relatedness for entity disambiguation. In Xue-wen Chen, Guy
Lebanon, Haixun Wang, and Mohammed J. Zaki, editors, 21st
ACM International Conference on Information and Knowledge
Management, CIKM’12, Maui, HI, USA, October 29 - Novem-
ber 02, 2012, pages 545–554. ACM, 2012. DOI https://
doi.org/10.1145/2396761.2396832. URL http:
//doi.acm.org/10.1145/2396761.2396832.

[29] Johannes Hoffart, Yasemin Altun, and Gerhard Weikum. Dis-
covering emerging entities with ambiguous names. In Chin-
Wan Chung, Andrei Z. Broder, Kyuseok Shim, and Torsten
Suel, editors, 23rd International World Wide Web Confer-
ence, WWW ’14, Seoul, Republic of Korea, April 7-11, 2014,
pages 385–396. ACM, 2014. DOI https://doi.org/10.
1145/2566486.2568003.

[30] Renato Iannella, Michael Steidl, Stuart Myles, and Víctor
Rodríguez-Doncel. ODRL Vocabulary & Expression. W3C
Candidate Recommendation, 26 September 2017. URL
https://www.w3.org/TR/odrl-vocab/.

[31] Paul Jermyn, Maurice Dixon, and Brian J. Read. Prepar-
ing clean views of data for data mining. In Brian J.
Read and Arno Siebes, editors, 12th ERCIM Workshop
on Database Research, Amsterdam, 2-3 November 1999,
number 00/W002 in ERCIM Workshop Proceedings, 1999.
URL https://www.ercim.eu/publication/ws-

https://doi.org/10.1145/2506182.2506198
https://doi.org/10.1145/2506182.2506198
https://doi.org/10.1016/j.ipm.2014.10.006
https://doi.org/10.1016/j.ipm.2014.10.006
http://www.lrec-conf.org/proceedings/lrec2004/pdf/5.pdf
http://www.lrec-conf.org/proceedings/lrec2004/pdf/5.pdf
https://doi.org/10.1007/978-3-642-40994-3_48
https://doi.org/10.1007/978-3-642-40994-3_48
http://dl.acm.org/citation.cfm?id=2387364.2387365
http://dl.acm.org/citation.cfm?id=2387364.2387365
http://ceur-ws.org/Vol-1019/paper_15.pdf
http://ceur-ws.org/Vol-1019/paper_15.pdf
https://doi.org/10.1109/MS.2011.122
https://doi.org/10.1109/MS.2011.122
http://aclanthology.info/papers/W10-0713/annotating-named-entities-in-twitter-data-with-crowdsourcing
http://aclanthology.info/papers/W10-0713/annotating-named-entities-in-twitter-data-with-crowdsourcing
http://aclanthology.info/papers/W10-0713/annotating-named-entities-in-twitter-data-with-crowdsourcing
https://doi.org/10.1145/2872427.2882988
https://doi.org/10.1145/2872427.2882988
https://doi.org/10.1007/978-3-319-49004-5_19
https://doi.org/10.1007/978-3-319-49004-5_19
https://doi.org/10.1007/978-3-642-41338-4_7
https://doi.org/10.1007/978-3-642-41338-4_7
http://www.aclweb.org/anthology/D11-1072
https://doi.org/10.1145/2396761.2396832
https://doi.org/10.1145/2396761.2396832
http://doi.acm.org/10.1145/2396761.2396832
http://doi.acm.org/10.1145/2396761.2396832
https://doi.org/10.1145/2566486.2568003
https://doi.org/10.1145/2566486.2568003
https://www.w3.org/TR/odrl-vocab/
https://www.ercim.eu/publication/ws-proceedings/12th-EDRG/EDRG12_JeDiRe.pdf


Roeder et al. / General Entity Annotator Benchmarking Framework 19

proceedings/12th-EDRG/EDRG12_JeDiRe.pdf.
[32] Adam Kilgarriff. Senseval: An exercise in evaluating word

sense disambiguation programs. In First International Confer-
ence On Language Resources And Evaluation Granada, Spain,
28-30 May 1998. European Language ResourcesAssociation,
1998.

[33] Timothy Lebo, Satya Sahoo, Deborah McGuinness, Khalid
Belhajjame, James Cheney, David Corsar, Daniel Garijo, Stian
Soiland-Reyes, Stephan Zednik, and Jun Zhao. PROV-O: The
PROV Ontology. W3C Recommendation, 30 April 2013. URL
http://www.w3.org/TR/prov-o/.

[34] Jens Lehmann, Robert Isele, Max Jakob, Anja Jentzsch, Dim-
itris Kontokostas, Pablo N. Mendes, Sebastian Hellmann, Mo-
hamed Morsey, Patrick van Kleef, Sören Auer, and Christian
Bizer. DBpedia - A large-scale, multilingual knowledge base
extracted from Wikipedia. Semantic Web, 6(2):167–195, 2015.
DOI https://doi.org/10.3233/SW-140134.

[35] Xiao Ling, Sameer Singh, and Daniel S. Weld. Design
challenges for entity linking. Transactions of the As-
sociation for Computational Linguistics, 3:315–328, 2015.
URL https://tacl2013.cs.columbia.edu/ojs/
index.php/tacl/article/view/528.

[36] Fadi Maali, John Erickson, and Phil Archer. Data Catalog Vo-
cabulary (DCAT). W3C Recommendation, 16 January 2014.
URL http://www.w3.org/TR/vocab-dcat/.

[37] Farzaneh Mahdisoltani, Joanna Biega, and Fabian M.
Suchanek. YAGO3: A knowledge base from multi-
lingual wikipedias. In CIDR 2015, Seventh Biennial
Conference on Innovative Data Systems Research, Asilo-
mar, CA, USA, January 4-7, 2015, Online Proceedings.
www.cidrdb.org, 2015. URL http://cidrdb.org/
cidr2015/Papers/CIDR15_Paper1.pdf.

[38] Paul McNamee. TAC 2009 knowledge base population track,
2009. URL http://pmcnamee.net/kbp.html.

[39] Pablo N. Mendes, Max Jakob, Andrés García-Silva, and Chris-
tian Bizer. DBpedia spotlight: Shedding light on the web of
documents. In Chiara Ghidini, Axel-Cyrille Ngonga Ngomo,
Stefanie N. Lindstaedt, and Tassilo Pellegrini, editors, Pro-
ceedings the 7th International Conference on Semantic Sys-
tems, I-SEMANTICS 2011, Graz, Austria, September 7-9,
2011, ACM International Conference Proceeding Series, pages
1–8. ACM, 2011. DOI https://doi.org/10.1145/
2063518.2063519.

[40] Rada Mihalcea, Timothy Chklovski, and Adam Kilgarriff. The
Senseval-3 English lexical sample task. In Rada Mihalcea and
Phil Edmonds, editors, Proceedings of Senseval-3: Third Inter-
national Workshop on the Evaluation of Systems for the Seman-
tic Analysis of Text, Barcelona, Spain, July 2004, pages 25–28.
Association for Computational Linguistics, 2004. URL http:
//web.eecs.umich.edu/~mihalcea/senseval/
senseval3/proceedings/pdf/mihalcea2.pdf.

[41] David N. Milne and Ian H. Witten. Learning to link with
Wikipedia. In James G. Shanahan, Sihem Amer-Yahia, Ioana
Manolescu, Yi Zhang, David A. Evans, Aleksander Kolcz,
Key-Sun Choi, and Abdur Chowdhury, editors, Proceedings
of the 17th ACM Conference on Information and Knowledge
Management, CIKM 2008, Napa Valley, California, USA, Oc-
tober 26-30, 2008, pages 509–518. ACM, 2008. DOI https:
//doi.org/10.1145/1458082.1458150.

[42] Andrea Moro, Francesco Cecconi, and Roberto Navigli. Mul-
tilingual word sense disambiguation and entity linking for ev-

erybody. In Matthew Horridge, Marco Rospocher, and Jacco
van Ossenbruggen, editors, Proceedings of the ISWC 2014
Posters & Demonstrations Track a track within the 13th In-
ternational Semantic Web Conference, ISWC 2014, Riva del
Garda, Italy, October 21, 2014., volume 1272 of CEUR Work-
shop Proceedings, pages 25–28. CEUR-WS.org, 2014. URL
http://ceur-ws.org/Vol-1272/paper_30.pdf.

[43] Andrea Moro, Alessandro Raganato, and Roberto Nav-
igli. Entity linking meets word sense disambigua-
tion: a unified approach. Transactions of the Asso-
ciation for Computational Linguistics, 2:231–244, 2014.
URL https://tacl2013.cs.columbia.edu/ojs/
index.php/tacl/article/view/291.

[44] Roberto Navigli and Simone Paolo Ponzetto. BabelNet: the
automatic construction, evaluation and application of a wide-
coverage multilingual semantic network. Artificial Intelli-
gence, 193:217–250, 2012. DOI https://doi.org/10.
1016/j.artint.2012.07.001.

[45] Roberto Navigli, Kenneth C. Litkowski, and Orin Hargraves.
SemEval-2007 task 07: Coarse-grained English all-words task.
In Eneko Agirre, Lluís Màrquez i Villodre, and Richard Wicen-
towski, editors, Proceedings of the 4th International Workshop
on Semantic Evaluations, SemEval@ACL 2007, Prague, Czech
Republic, June 23-24, 2007, pages 30–35. Association for
Computational Linguistics, 2007. URL http://aclweb.
org/anthology/S/S07/S07-1006.pdf.

[46] Roberto Navigli, David Jurgens, and Daniele Vannella.
SemEval-2013 task 12: Multilingual word sense disambigua-
tion. In Mona T. Diab, Timothy Baldwin, and Marco Ba-
roni, editors, Proceedings of the 7th International Workshop
on Semantic Evaluation, SemEval@NAACL-HLT 2013, At-
lanta, Georgia, USA, June 14-15, 2013, pages 222–231. As-
sociation for Computational Linguistics, 2013. URL http:
//aclweb.org/anthology/S/S13/S13-2040.pdf.

[47] Andrea Giovanni Nuzzolese, Anna Lisa Gentile, Valentina Pre-
sutti, Aldo Gangemi, Darío Garigliotti, and Roberto Navigli.
Open knowledge extraction challenge. In Fabien Gandon,
Elena Cabrio, Milan Stankovic, and Antoine Zimmermann, ed-
itors, Semantic Web Evaluation Challenges - Second SemWe-
bEval Challenge at ESWC 2015, Portorož, Slovenia, May 31
- June 4, 2015, Revised Selected Papers, volume 548 of Com-
munications in Computer and Information Science, pages 3–
15. Springer, 2015. DOI https://doi.org/10.1007/
978-3-319-25518-7_1.

[48] Roger D. Peng. Reproducible research in computational sci-
ence. Science, 334(6060), 2011. DOI https://doi.org/
10.1126/science.1213847.

[49] Francesco Piccinno and Paolo Ferragina. From tagme to WAT:
a new entity annotator. In David Carmel, Ming-Wei Chang,
Evgeniy Gabrilovich, Bo-June Paul Hsu, and Kuansan Wang,
editors, ERD’14, Proceedings of the First ACM International
Workshop on Entity Recognition & Disambiguation, July 11,
2014, Gold Coast, Queensland, Australia, pages 55–62. ACM,
2014. DOI https://doi.org/10.1145/2633211.
2634350.

[50] Sameer Pradhan, Edward Loper, Dmitriy Dligach, and Martha
Palmer. SemEval-2007 task-17: English lexical sample, SRL
and all words. In Eneko Agirre, Lluís Màrquez i Villodre, and
Richard Wicentowski, editors, Proceedings of the 4th Inter-
national Workshop on Semantic Evaluations, SemEval@ACL
2007, Prague, Czech Republic, June 23-24, 2007, pages 87–92.

https://www.ercim.eu/publication/ws-proceedings/12th-EDRG/EDRG12_JeDiRe.pdf
http://www.w3.org/TR/prov-o/
https://doi.org/10.3233/SW-140134
https://tacl2013.cs.columbia.edu/ojs/index.php/tacl/article/view/528
https://tacl2013.cs.columbia.edu/ojs/index.php/tacl/article/view/528
http://www.w3.org/TR/vocab-dcat/
http://cidrdb.org/cidr2015/Papers/CIDR15_Paper1.pdf
http://cidrdb.org/cidr2015/Papers/CIDR15_Paper1.pdf
http://pmcnamee.net/kbp.html
https://doi.org/10.1145/2063518.2063519
https://doi.org/10.1145/2063518.2063519
http://web.eecs.umich.edu/~mihalcea/senseval/senseval3/proceedings/pdf/mihalcea2.pdf
http://web.eecs.umich.edu/~mihalcea/senseval/senseval3/proceedings/pdf/mihalcea2.pdf
http://web.eecs.umich.edu/~mihalcea/senseval/senseval3/proceedings/pdf/mihalcea2.pdf
https://doi.org/10.1145/1458082.1458150
https://doi.org/10.1145/1458082.1458150
http://ceur-ws.org/Vol-1272/paper_30.pdf
https://tacl2013.cs.columbia.edu/ojs/index.php/tacl/article/view/291
https://tacl2013.cs.columbia.edu/ojs/index.php/tacl/article/view/291
https://doi.org/10.1016/j.artint.2012.07.001
https://doi.org/10.1016/j.artint.2012.07.001
http://aclweb.org/anthology/S/S07/S07-1006.pdf
http://aclweb.org/anthology/S/S07/S07-1006.pdf
http://aclweb.org/anthology/S/S13/S13-2040.pdf
http://aclweb.org/anthology/S/S13/S13-2040.pdf
https://doi.org/10.1007/978-3-319-25518-7_1
https://doi.org/10.1007/978-3-319-25518-7_1
https://doi.org/10.1126/science.1213847
https://doi.org/10.1126/science.1213847
https://doi.org/10.1145/2633211.2634350
https://doi.org/10.1145/2633211.2634350


20 Roeder et al. / General Entity Annotator Benchmarking Framework

Association for Computational Linguistics, 2007. URL http:
//aclweb.org/anthology/S/S07/S07-1016.pdf.

[51] Lev-Arie Ratinov, Dan Roth, Doug Downey, and Mike An-
derson. Local and global algorithms for disambiguation to
Wikipedia. In Dekang Lin, Yuji Matsumoto, and Rada Mi-
halcea, editors, The 49th Annual Meeting of the Association
for Computational Linguistics: Human Language Technolo-
gies, Proceedings of the Conference, 19-24 June, 2011, Port-
land, Oregon, USA, pages 1375–1384. Association for Com-
putational Linguistics, 2011. URL http://www.aclweb.
org/anthology/P11-1138.

[52] Alan Ritter, Sam Clark, Mausam, and Oren Etzioni. Named
entity recognition in tweets: An experimental study. In Pro-
ceedings of the 2011 Conference on Empirical Methods in Nat-
ural Language Processing, EMNLP 2011, 27-31 July 2011,
John McIntyre Conference Centre, Edinburgh, UK, A meet-
ing of SIGDAT, a Special Interest Group of the ACL, pages
1524–1534. ACL, 2011. URL http://www.aclweb.
org/anthology/D11-1141.

[53] Giuseppe Rizzo, Marieke van Erp, and Raphaël Troncy.
Benchmarking the extraction and disambiguation of named en-
tities on the semantic web. In Nicoletta Calzolari, Khalid
Choukri, Thierry Declerck, Hrafn Loftsson, Bente Mae-
gaard, Joseph Mariani, Asunción Moreno, Jan Odijk, and
Stelios Piperidis, editors, Proceedings of the Ninth Inter-
national Conference on Language Resources and Evalua-
tion, LREC 2014, Reykjavik, Iceland, May 26-31, 2014.,
pages 4593–4600. European Language Resources Association
(ELRA), 2014. URL http://www.lrec-conf.org/
proceedings/lrec2014/summaries/176.html.

[54] Michael Röder, Ricardo Usbeck, Sebastian Hellmann, Daniel
Gerber, and Andreas Both. N3 - A collection of datasets
for named entity recognition and disambiguation in the
NLP interchange format. In Nicoletta Calzolari, Khalid
Choukri, Thierry Declerck, Hrafn Loftsson, Bente Mae-
gaard, Joseph Mariani, Asunción Moreno, Jan Odijk, and
Stelios Piperidis, editors, Proceedings of the Ninth Inter-
national Conference on Language Resources and Evalua-
tion, LREC 2014, Reykjavik, Iceland, May 26-31, 2014.,
pages 3529–3533. European Language Resources Association
(ELRA), 2014. URL http://www.lrec-conf.org/
proceedings/lrec2014/summaries/856.html.

[55] Michael Röder, Ricardo Usbeck, René Speck, and Axel-
Cyrille Ngonga Ngomo. CETUS - A baseline approach to type
extraction. In Fabien Gandon, Elena Cabrio, Milan Stankovic,
and Antoine Zimmermann, editors, Semantic Web Evaluation
Challenges - Second SemWebEval Challenge at ESWC 2015,
Portorož, Slovenia, May 31 - June 4, 2015, Revised Selected
Papers, volume 548 of Communications in Computer and In-
formation Science, pages 16–27. Springer, 2015. DOI https:
//doi.org/10.1007/978-3-319-25518-7_2.

[56] Matthew Rowe, Milan Stankovic, and Aba-Sah Dadzie, edi-
tors. Proceedings of the the 4th Workshop on Making Sense of
Microposts co-located with the 23rd International World Wide
Web Conference (WWW 2014), Seoul, Korea, April 7th, 2014,
volume 1141 of CEUR Workshop Proceedings, 2014. CEUR-
WS.org. URL http://ceur-ws.org/Vol-1141.

[57] Erik F. Tjong Kim Sang and Fien De Meulder. Introduction to
the conll-2003 shared task: Language-independent named en-
tity recognition. In Walter Daelemans and Miles Osborne, ed-
itors, Proceedings of the Seventh Conference on Natural Lan-

guage Learning, CoNLL 2003, Held in cooperation with HLT-
NAACL 2003, Edmonton, Canada, May 31 - June 1, 2003,
pages 142–147. ACL, 2003. URL http://aclweb.org/
anthology/W/W03/W03-0419.pdf.

[58] Benjamin Snyder and Martha Palmer. The English all-
words task. In Rada Mihalcea and Phil Edmonds, editors,
Proceedings of Senseval-3: Third International Workshop
on the Evaluation of Systems for the Semantic Analysis of
Text, Barcelona, Spain, July 2004, pages 41–43. Associ-
ation for Computational Linguistics, 2004. URL http:
//web.eecs.umich.edu/~mihalcea/senseval/
senseval3/proceedings/pdf/snyder.pdf.

[59] René Speck and Axel-Cyrille Ngonga Ngomo. Ensemble
learning for named entity recognition. In Peter Mika, Tania Tu-
dorache, Abraham Bernstein, Chris Welty, Craig A. Knoblock,
Denny Vrandecic, Paul T. Groth, Natasha F. Noy, Krzysztof
Janowicz, and Carole A. Goble, editors, The Semantic Web
- ISWC 2014 - 13th International Semantic Web Conference,
Riva del Garda, Italy, October 19-23, 2014. Proceedings, Part
I, volume 8796 of Lecture Notes in Computer Science, pages
519–534. Springer, 2014. DOI https://doi.org/10.
1007/978-3-319-11964-9_33.

[60] Nadine Steinmetz and Harald Sack. Semantic multimedia in-
formation retrieval based on contextual descriptions. In Philipp
Cimiano, Óscar Corcho, Valentina Presutti, Laura Hollink,
and Sebastian Rudolph, editors, The Semantic Web: Seman-
tics and Big Data, 10th International Conference, ESWC 2013,
Montpellier, France, May 26-30, 2013. Proceedings, volume
7882 of Lecture Notes in Computer Science, pages 382–
396. Springer, 2013. DOI https://doi.org/10.1007/
978-3-642-38288-8_26.

[61] Nadine Steinmetz, Magnus Knuth, and Harald Sack. Sta-
tistical analyses of named entity disambiguation benchmarks.
In Sebastian Hellmann, Agata Filipowska, Caroline Barrière,
Pablo N. Mendes, and Dimitris Kontokostas, editors, Proceed-
ings of the NLP & DBpedia workshop co-located with the 12th
International Semantic Web Conference (ISWC 2013), Sydney,
Australia, October 22, 2013., volume 1064 of CEUR Workshop
Proceedings. CEUR-WS.org, 2013. URL http://ceur-
ws.org/Vol-1064/Steinmetz_Statistical.pdf.

[62] Beth Sundheim. Tipster/muc-5: Information extraction system
evaluation. In Proceedings of the 5th Conference on Message
Understanding, MUC 1993, Baltimore, Maryland, USA, Au-
gust 25-27, 1993, pages 27–44, 1993. DOI https://doi.
org/10.1145/1072017.1072023.

[63] Ricardo Usbeck, Axel-Cyrille Ngonga Ngomo, Michael Röder,
Daniel Gerber, Sandro Athaide Coelho, Sören Auer, and An-
dreas Both. AGDISTIS - Graph-based disambiguation of
named entities using linked data. In Peter Mika, Tania Tudo-
rache, Abraham Bernstein, Chris Welty, Craig A. Knoblock,
Denny Vrandecic, Paul T. Groth, Natasha F. Noy, Krzysztof
Janowicz, and Carole A. Goble, editors, The Semantic Web
- ISWC 2014 - 13th International Semantic Web Conference,
Riva del Garda, Italy, October 19-23, 2014. Proceedings, Part
I, volume 8796 of Lecture Notes in Computer Science, pages
457–471. Springer, 2014. DOI https://doi.org/10.
1007/978-3-319-11964-9_29.

[64] Ricardo Usbeck, Michael Röder, and Axel-Cyrille Ngonga
Ngomo. Evaluating entity annotators using GERBIL. In
Fabien Gandon, Christophe Guéret, Serena Villata, John G.
Breslin, Catherine Faron-Zucker, and Antoine Zimmermann,

http://aclweb.org/anthology/S/S07/S07-1016.pdf
http://aclweb.org/anthology/S/S07/S07-1016.pdf
http://www.aclweb.org/anthology/P11-1138
http://www.aclweb.org/anthology/P11-1138
http://www.aclweb.org/anthology/D11-1141
http://www.aclweb.org/anthology/D11-1141
http://www.lrec-conf.org/proceedings/lrec2014/summaries/176.html
http://www.lrec-conf.org/proceedings/lrec2014/summaries/176.html
http://www.lrec-conf.org/proceedings/lrec2014/summaries/856.html
http://www.lrec-conf.org/proceedings/lrec2014/summaries/856.html
https://doi.org/10.1007/978-3-319-25518-7_2
https://doi.org/10.1007/978-3-319-25518-7_2
http://ceur-ws.org/Vol-1141
http://aclweb.org/anthology/W/W03/W03-0419.pdf
http://aclweb.org/anthology/W/W03/W03-0419.pdf
http://web.eecs.umich.edu/~mihalcea/senseval/senseval3/proceedings/pdf/snyder.pdf
http://web.eecs.umich.edu/~mihalcea/senseval/senseval3/proceedings/pdf/snyder.pdf
http://web.eecs.umich.edu/~mihalcea/senseval/senseval3/proceedings/pdf/snyder.pdf
https://doi.org/10.1007/978-3-319-11964-9_33
https://doi.org/10.1007/978-3-319-11964-9_33
https://doi.org/10.1007/978-3-642-38288-8_26
https://doi.org/10.1007/978-3-642-38288-8_26
http://ceur-ws.org/Vol-1064/Steinmetz_Statistical.pdf
http://ceur-ws.org/Vol-1064/Steinmetz_Statistical.pdf
https://doi.org/10.1145/1072017.1072023
https://doi.org/10.1145/1072017.1072023
https://doi.org/10.1007/978-3-319-11964-9_29
https://doi.org/10.1007/978-3-319-11964-9_29


Roeder et al. / General Entity Annotator Benchmarking Framework 21

editors, The Semantic Web: ESWC 2015 Satellite Events
- ESWC 2015 Satellite Events Portorož, Slovenia, May 31
- June 4, 2015, Revised Selected Papers, volume 9341
of Lecture Notes in Computer Science, pages 159–164.
Springer, 2015. DOI https://doi.org/10.1007/
978-3-319-25639-9_31.

[65] Ricardo Usbeck, Michael Röder, Axel-Cyrille Ngonga Ngomo,
Ciro Baron, Andreas Both, Martin Brümmer, Diego Cecca-
relli, Marco Cornolti, Didier Cherix, Bernd Eickmann, Paolo
Ferragina, Christiane Lemke, Andrea Moro, Roberto Nav-
igli, Francesco Piccinno, Giuseppe Rizzo, Harald Sack, René
Speck, Raphaël Troncy, Jörg Waitelonis, and Lars Wesemann.
GERBIL: general entity annotator benchmarking framework.
In Aldo Gangemi, Stefano Leonardi, and Alessandro Pan-
conesi, editors, Proceedings of the 24th International Confer-
ence on World Wide Web, WWW 2015, Florence, Italy, May
18-22, 2015, pages 1133–1143. ACM, 2015. DOI https:
//doi.org/10.1145/2736277.2741626.

[66] Jörg Waitelonis, Henrik Jürges, and Harald Sack. Don’t com-
pare apples to oranges: Extending GERBIL for a fine grained
NEL evaluation. In Anna Fensel, Amrapali Zaveri, Sebastian
Hellmann, and Tassilo Pellegrini, editors, Proceedings of the
12th International Conference on Semantic Systems, SEMAN-
TICS 2016, Leipzig, Germany, September 12-15, 2016, pages
65–72. ACM, 2016. DOI https://doi.org/10.1145/
2993318.2993334.

[67] Mark D. Wilkinson, Michel Dumontier, IJsbrand Jan Aalbers-
berg, Gabrielle Appleton, Myles Axton, Arie Baak, Niklas
Blomberg, Jan-Willem Boiten, Luiz Bonino da Silva San-
tos, Philip E. Bourne, Jildau Bouwman, Anthony J. Brookes,

Tim Clark, Mercè Crosas, Ingrid Dillo, Olivier Dumon,
Scott Edmunds, Chris T. Evelo, Richard Finkers, Alejan-
dra Gonzalez-Beltran, Alasdair J.G. Gray, Paul Groth, Car-
ole Goble, Jeffrey S. Grethe, Jaap Heringa, Peter A.C’t Hoen,
Rob Hooft, Tobias Kuhn, Ruben Kok, Joost Kok, Scott J.
Lusher, Maryann E. Martone, Albert Mons, Abel L. Packer,
Bengt Persson, Philippe Rocca-Serra, Marco Roos, Rene van
Schaik, Susanna-Assunta Sansone, Erik Schultes, Thierry Sen-
gstag, Ted Slater, George Strawn, Morris A. Swertz, Mark
Thompson, Johan van der Lei, Erik van Mulligen, Jan Vel-
terop, Andra Waagmeester, Peter Wittenburg, Katherine Wols-
tencroft, Jun Zhao, and Barend Mons. The FAIR guiding prin-
ciples for scientific data management and stewardship. Scien-
tific Data, 3, 2016. DOI https://doi.org/10.1038/
sdata.2016.18.

[68] Lei Zhang and Achim Rettinger. X-LiSA: Cross-lingual se-
mantic annotation. Proceedings of the VLDB Endowment,
7(13):1693–1696, 2014. URL http://www.vldb.org/
pvldb/vol7/p1693-zhang.pdf.

[69] Stefan Zwicklbauer, Christin Seifert, and Michael Granitzer.
DoSeR - A knowledge-base-agnostic framework for entity dis-
ambiguation using semantic embeddings. In Harald Sack, Eva
Blomqvist, Mathieu d’Aquin, Chiara Ghidini, Simone Paolo
Ponzetto, and Christoph Lange, editors, The Semantic Web.
Latest Advances and New Domains - 13th International Con-
ference, ESWC 2016, Heraklion, Crete, Greece, May 29 - June
2, 2016, Proceedings, volume 9678 of Lecture Notes in Com-
puter Science, pages 182–198. Springer, 2016. DOI https:
//doi.org/10.1007/978-3-319-34129-3_12.

https://doi.org/10.1007/978-3-319-25639-9_31
https://doi.org/10.1007/978-3-319-25639-9_31
https://doi.org/10.1145/2736277.2741626
https://doi.org/10.1145/2736277.2741626
https://doi.org/10.1145/2993318.2993334
https://doi.org/10.1145/2993318.2993334
https://doi.org/10.1038/sdata.2016.18
https://doi.org/10.1038/sdata.2016.18
http://www.vldb.org/pvldb/vol7/p1693-zhang.pdf
http://www.vldb.org/pvldb/vol7/p1693-zhang.pdf
https://doi.org/10.1007/978-3-319-34129-3_12
https://doi.org/10.1007/978-3-319-34129-3_12

